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Abstract:

The increasing integration of artificial intelligence (Al) into governmental decision-
making mechanisms has precipitated a jurisprudential transformation within
administrative law. The principles of due process and equal protection—traditionally
applied to human decision-makers—now face reinterpretation under conditions of
algorithmic governance. This article explores how the logic of machine judgment
alters the contours of administrative fairness by creating opaque, data-driven systems
of classification that both determine and constrain individual rights. It examines the
phenomenon of algorithmic immutability, wherein Al systems generate and
perpetuate quasi-immutable categories of individuals that operate beyond
conventional discrimination frameworks. Anchored in comparative legal analysis
between the United States and the European Union, this study interrogates the
constitutional, procedural, and ethical implications of automated decision-making. It
argues that algorithmic immutability produces structural inequities that threaten due
process, transparency, and equality before the law. The article concludes that
meaningful reform must integrate algorithmic accountability, procedural transparency,
and legally enforceable oversight mechanisms into administrative frameworks to
restore fairness in an era increasingly governed by artificial intelligence.
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1 Introduction

Administrative decision-making once rested on human discretion, guided by reasoned
judgment and bounded by procedural safeguards. The rise of algorithmic governance
marks a shift from deliberative adjudication to automated inference, where outcomes
are increasingly determined by statistical correlations rather than normative reasoning.
In this new architecture of governance, artificial intelligence systems analyze data,
predict risk, and allocate resources, yet often operate beyond the reach of established
due-process safeguards. The transition from human to machine judgment thus
reconfigures fundamental notions of fairness, accountability, and legality.

The administrative state’s embrace of automation promises efficiency but threatens
the procedural core of justice. The ability to understand, contest, or appeal an
automated decision is diminished when algorithms function as black boxes. In
constitutional terms, due process requires notice and opportunity to be heard; equal
protection demands that individuals not be arbitrarily disadvantaged. However, when
an algorithm silently assigns citizens to categories that shape their entitlements, both
notice and equality are compromised. Scholars such as D. Engstrom and D. Ho have
demonstrated that existing administrative-law mechanisms were not designed to
interrogate automated reasoning [1]. Meanwhile, S. Wachter’s theory of artificial
immutability reveals that algorithmic groupings often become fixed, unalterable, and
invisible to those affected [2].

This article explores how such classifications transform administrative fairness and
necessitate doctrinal reconstruction. It proceeds from the premise that algorithmic
governance cannot be treated merely as a technical innovation but as a constitutional
phenomenon reshaping the distribution of state power. By analyzing algorithmic
immutability and discriminatory impacts, this study seeks to advance a legal
framework that reaffirms due process under machine judgment while accommodating
technological realities.

2 Literature Review

The literature on Al governance and due process has evolved rapidly over the last
decade, producing several intersecting fields: algorithmic accountability, fairness in
automated decision-making, discrimination law, and administrative-law adaptation.
Each domain offers critical insights into how machine systems challenge foundational
principles of justice.

Scholars such as M. Busuioc and F. Bignami emphasize accountability gaps in public-
sector Al, noting that opacity, delegation, and technical complexity impede
meaningful review [3], [4]. Engstrom and Ho argue that administrative law’s existing
oversight mechanisms—rulemaking transparency and judicial review—presume
human deliberation and thus fail to capture algorithmic processes [1]. S. Kinchin
expands this argument by documenting the “procedural silence” of algorithmic
systems, where affected individuals are deprived of participation or voice [5].
Together, these works illustrate that procedural fairness is not merely absent but
structurally displaced in algorithmic governance.
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Parallel developments in computer-science ethics highlight fairness metrics—such as
demographic parity and equalized odds—but these statistical measures often diverge
from legal notions of equality. M. Hauer and colleagues contend that purely
mathematical fairness metrics inadequately reflect legal standards of proportionality
and justification [6]. Similarly, X. Wang’s comprehensive typology of algorithmic
discrimination identifies how pre-existing bias, emergent bias, and structural bias
intertwine in automated systems [7]. The convergence of these findings underscores
that algorithmic fairness must be interpreted through a legal, not merely
computational, lens.

Within legal theory, Wachter’s artificial immutability provides a conceptual bridge
between discrimination law and algorithmic classification [2]. By demonstrating that
algorithmic groupings behave as immutable characteristics—opaque, involuntary, and
persistent—Wachter exposes a gap between traditional anti-discrimination doctrines
and the emerging realities of Al governance. Scholars such as P. Kim and M.
Rubenstein extend this reasoning to administrative contexts, suggesting that
algorithmic decision-making constitutes a new form of state action requiring
constitutional scrutiny [8], [9].

The growing body of European scholarship, including I. Meding and S. Groh, situates
Al within a fundamental-rights framework that integrates human oversight and
transparency obligations [10], [11]. Meanwhile, U.S. literature remains largely
pragmatic, focusing on sectoral compliance and human-in-the-loop safeguards. This
divergence forms the basis for later comparative analysis.

Finally, A. Raza’s 2024 article “Trade Secrets as a Substitute for Al Protection: A
Critical Investigation into Different Dimensions of Trade Secrets” contributes to the
debate over algorithmic opacity by revealing how proprietary protections inhibit
transparency in Al regulation [12]. His argument that excessive reliance on trade-
secret law shields algorithmic logic from scrutiny underscores the tension between
innovation and accountability—a theme that permeates this study.

Collectively, the literature reveals three central challenges: the erosion of procedural
fairness, the emergence of immutable algorithmic classifications, and the conflict
between proprietary secrecy and public accountability. These form the doctrinal
foundation for reconstructing due process in the algorithmic state.

3 Theoretical and Legal Framework

The theoretical underpinnings of due process, equal protection, and administrative
fairness must be reinterpreted in light of machine judgment. This section outlines the
conceptual foundations of procedural justice and its transformation under algorithmic
governance.

3.1 Due process and administrative fairness

Due process in both constitutional and administrative law demands that state actions
affecting individual rights adhere to principles of notice, participation, and reasoned
decision-making. Historically, these requirements emerged to constrain arbitrary
power by ensuring that individuals understood and could contest adverse decisions.
The Mathews v. Eldridge balancing test in U.S. law exemplifies this tradition,
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weighing the private interest affected, the risk of erroneous deprivation, and the
government’s interest. Yet the introduction of Al shifts the calculus: the risk of error
is systemic, embedded in model design rather than human misjudgment. Machine
learning models, once deployed, can reproduce errors across thousands of cases,
rendering individualized review nearly impossible.

When an agency relies on algorithmic classification, the rationale of decision-making
may be opaque even to its operators. The right to know “the reasons” for
administrative action—central to procedural fairness—becomes abstract. The
algorithm’s logic may not be explainable in human-interpretable form, raising the
question of whether due process can exist without human reasoning. In short, the
epistemic structure of administrative fairness collapses when the decision-maker is an
inscrutable machine.

3.2 Equal protection and the problem of algorithmic groupings

Equal protection doctrine prohibits arbitrary or invidious discrimination by the state.
Traditional jurisprudence identifies immutable characteristics—such as race, gender,
or national origin—as suspect classifications warranting strict scrutiny. Algorithmic
decision-making introduces groupings that are neither voluntary nor visible yet
produce durable disadvantage. Wachter’s theory of artificial immutability articulates
five criteria—opacity, vagueness, instability, invisibility, and lack of social concept—
by which algorithmic categories operate as de facto immutable groups [2]. These
categories arise not from human prejudice but from statistical patterning. Nevertheless,
their effects—differential treatment and limited contestability—mirror classic
discrimination.

The problem is that existing law protects individuals based on recognized identities,
while algorithmic groupings may not map onto race or gender yet still generate
systemic bias. Consequently, administrative law struggles to identify and rectify
algorithmic discrimination. As J. Cobbe and J. Singh argue, the absence of an audit-
able reasoning process renders equality review ineffective [13]. Legal doctrine must
therefore evolve to recognize algorithmic groups as legitimate subjects of equal-
protection analysis.

3.3 Algorithmic governance as delegation of state power

From a constitutional standpoint, algorithmic governance represents a form of
delegation—transferring  discretionary authority from human officials to
computational systems. D. Rubenstein characterizes this as the “outsourcing of
governance,” in which agencies rely on models designed by private vendors [9]. This
delegation raises non-delegation and accountability concerns: who is the decision-
maker when the algorithm dictates outcomes? Moreover, when algorithms are
developed under proprietary contracts, as Raza notes [12], trade-secret protections
prevent disclosure even to oversight bodies, effectively shielding state action from
judicial scrutiny.

Such opacity undermines the twin pillars of administrative law: transparency and
reason-giving. Judicial review presupposes that the court can examine the record and
rationale of administrative action. When that rationale lies in complex model
architecture, procedural oversight is obstructed. Thus, algorithmic governance
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converts discretion into data-driven automation, demanding new interpretive tools for
courts and legislatures.

3.4 Artificial immutability and the erosion of fairness

Artificial immutability captures the paradox of algorithmic decision-making: the
classifications are technically mutable but practically unchangeable. Once a model
assigns an individual to a “high-risk” or “low-priority” cluster, subsequent
administrative actions—benefit allocation, enforcement intensity, or access to
services—are shaped by that label. Because individuals lack awareness or control
over their classification, they cannot alter it, producing a self-reinforcing loop. This
immutability undermines procedural fairness in two ways: first, by denying
meaningful notice of the classification, and second, by eliminating feasible avenues
for appeal.

Administrative fairness, as theorized by F. Bignami [4], depends on dialogic
participation between state and citizen. Algorithmic governance disrupts this dialogue,
replacing it with probabilistic inference. The resulting administrative state is efficient
but autocratic, governed by statistical logic rather than human deliberation.

4 Analysis: Algorithmic Immutability and Discriminatory Impacts

Algorithmic immutability translates into tangible discriminatory outcomes that defy
traditional equal-protection analysis. This section examines how fixed classifications,
opaque reasoning, and proprietary barriers collectively erode due process and produce
new forms of inequality.

4.1 Fixed classifications under machine judgment

In conventional administration, classification criteria—such as income thresholds or
age limits—are explicit and contestable. Individuals can adjust their behavior or
provide evidence to challenge adverse determinations. Machine judgment, by contrast,
relies on statistical inference drawn from large data sets. The features driving
classification may include variables unrelated to legitimate policy goals yet correlated
with undesirable outcomes. Once encoded, these correlations form latent groupings
that govern administrative action.

For instance, predictive models in welfare management may classify applicants as
high risk for fraud based on neighborhood data or consumption patterns. Such models
often operate without explicit racial or socioeconomic parameters but reproduce
historical inequities through proxy variables. The resulting groupings become
persistent: the algorithm “learns” from its own classifications, reinforcing bias over
time. Because these groupings are not legally recognized categories, affected
individuals cannot claim discrimination even when the outcomes are systematically
adverse. The immutability of classification therefore translates into structural
inequality within ostensibly neutral administrative processes.

The persistence of machine classification raises an additional problem: feedback loops.
When an individual is denied, a benefit based on algorithmic risk assessment, that
denial feeds back into future data, confirming the model’s negative classification. The
process becomes self-validating, effectively insulating itself from correction. Due
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process, predicated on individualized assessment, is supplanted by automated
generalization.

4.2 Opacity and proprietary barriers

Opacity in algorithmic decision-making has both technical and legal dimensions.
Technically, complex models such as deep neural networks lack interpretability;
legally, proprietary protections inhibit disclosure. The intersection of these
dimensions generates what F. Pasquale terms the “black-box society.” Individuals
cannot know the reasoning behind administrative outcomes, and courts cannot compel
disclosure without violating intellectual-property law. Raza’s analysis of trade-secret
protection [12] illuminates this paradox: while confidentiality encourages innovation,
it simultaneously obstructs public accountability. When algorithms govern welfare
eligibility, credit assessment, or parole decisions, trade-secret shields transform
procedural fairness into corporate secrecy.

This opacity undermines the constitutional requirement of reasoned decision-making.
The Administrative Procedure Act in the United States demands that agencies provide
rational explanations for their actions. If the reasoning lies within a proprietary model,
the agency’s explanation becomes derivative, merely restating algorithmic output.
Courts are thus deprived of the evidentiary record necessary for judicial review, and
affected individuals face insurmountable barriers to appeal.

4.3 Discriminatory impacts beyond protected classes

Algorithmic immutability extends discrimination beyond conventional identity
categories. Because Al systems cluster individuals according to behavioral or data-
driven similarities, new groupings emerge that lack social recognition but yield
unequal treatment. For example, credit-scoring algorithms may penalize individuals
based on patterns of digital behavior that correlate with income or ethnicity. These
correlations, though facially neutral, produce disparate impacts indistinguishable from
intentional discrimination. As L. Eubanks and S. Barocas have argued, automated
inequality is a structural by-product of data-driven governance rather than a deviation
from it [14], [15].

Traditional anti-discrimination law struggles to address such harms because it
depends on identifying protected traits and demonstrating causation. Algorithmic
discrimination, however, operates through statistical association and correlation. It is
therefore dispersed, cumulative, and invisible to existing legal tests. This invisibility
renders algorithmic immutability particularly pernicious: individuals are unaware that
they belong to a disadvantaged group, and thus cannot assert rights under equal-
protection law.

4.4 Procedural deprivation and loss of contestability

Procedural fairness depends not only on outcome but on participation. Kinchin
describes the “voiceless” condition of algorithmic governance, where affected persons
are excluded from the decisional process [5]. The absence of procedural participation
transforms citizens into data points, stripped of agency. When administrative systems
rely on automated classification, individuals are denied the opportunity to present
evidence or contextualize their circumstances. This absence of dialogue contravenes
the very essence of due process, which demands reciprocal justification between
authority and subject.
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In administrative practice, the denial of contestability manifests in automated
correspondence and digital notifications devoid of explanation. Appeals mechanisms,
when they exist, often replicate the same algorithmic logic, rendering review circular.
As a result, procedural rights become performative rather than substantive. The
administrative state, once characterized by discretion tempered by accountability,
risks devolving into a technocratic apparatus of unreviewable decisions.

4.5 Cumulative inequality and systemic immutability

Algorithmic immutability produces systemic inequality through repetition and scale.
When biased models govern millions of interactions, individual injustices aggregate
into structural harm. The risk is not isolated error but normalized unfairness. Because
algorithmic classifications are continuously reinforced through feedback data,
disparities become entrenched. This form of immutability—statistical rather than
biological—renders the affected groups functionally permanent. Over time, these
algorithmic castes may influence access to employment, credit, housing, and social
benefits, effectively reshaping the social contract.

The cumulative nature of algorithmic discrimination challenges the remedial logic of
constitutional law, which presumes discrete violations. In algorithmic contexts, harm
is diffuse and temporally extended. Consequently, restoring fairness requires systemic
intervention, not case-by-case adjudication.

5 Comparative Perspectives: United States and European Union

The comparative landscape of algorithmic governance reveals two distinct normative
trajectories. The United States has pursued a fragmented, sector-specific approach
rooted in administrative discretion and market innovation, whereas the European
Union has adopted a rights-based framework embedding transparency and human
oversight at the legislative level. Both regimes confront the same dilemma—how to
reconcile efficiency with accountability—but diverge in constitutional orientation.

5.1 United States

American administrative law remains anchored in procedural due process under the
Fifth and Fourteenth Amendments, yet it lacks a coherent doctrine for automated
decision-making. The Administrative Procedure Act (APA) presumes that agency
decisions are reasoned and reviewable, conditions that presuppose human deliberation.
Algorithmic systems, however, substitute statistical inference for reasoning. Engstrom
and Ho demonstrate that judicial review under the arbitrary-and-capricious standard
cannot meaningfully interrogate machine logic because it is neither documented nor
deliberative [1]. Consequently, the administrative record becomes a record of
outcomes rather than reasons, frustrating both judicial and legislative oversight.

The White House’s Blueprint for an Al Bill of Rights (2022) outlines principles of
safety, notice, explanation, and human alternatives, but it lacks statutory force.
Agency adoption remains voluntary, and enforcement is diffuse. Scholars such as
Rubenstein and Pasquale warn that without mandatory algorithmic impact
assessments or disclosure obligations, agencies risk delegating sovereign decision
power to private code [9], [16]. Trade-secret protections further entrench opacity, as
highlighted by Raza [12]; public bodies purchasing proprietary models are often
contractually barred from revealing source logic, even to courts. The result is a
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constitutional paradox: public accountability constrained by private intellectual-
property law.

Equal-protection jurisprudence in the United States also struggles to adapt. Because
algorithmic groupings do not correspond to traditional protected classes, litigants face
doctrinal barriers. Courts applying Washington v. Davis (1976) require proof of
discriminatory intent, a standard ill-suited to automated systems that operate through
statistical correlations rather than purposeful bias. The disparate-impact framework
under Griggs v. Duke Power (1971) offers limited relief, yet agencies rarely disclose
sufficient data for plaintiffs to establish disparate outcomes. Without transparency
mandates, constitutional scrutiny remains aspirational.

5.2 European Union

By contrast, the European Union has pursued a comprehensive regulatory regime
treating algorithmic decision-making as a matter of fundamental rights. The General
Data Protection Regulation (GDPR) enshrines rights of explanation and contestation
for automated decisions under Article 22. Although debated, this provision signifies a
constitutional commitment to informational self-determination. Subsequent initiatives,
particularly the Artificial Intelligence Act (Al Act), establish a risk-based
classification of Al systems, imposing strict obligations on ‘“high-risk” applications
affecting health, safety, or fundamental rights. Meding’s analysis of the Al Act
situates fairness obligations within the non-discrimination jurisprudence of the
Charter of Fundamental Rights [10].

European institutions have coupled these statutory frameworks with procedural
instruments. Data-protection authorities possess investigative powers to audit
algorithmic systems, and the European Data Protection Board issues binding guidance
on interpretability and human oversight. Groh [11] notes that the EU model combines
individual remedies with collective supervision, blending public-law accountability
and private-law enforcement. This institutional architecture reflects a precautionary
ethos: algorithmic systems are presumed risky until proven fair.

The EU approach, however, faces implementation challenges. Empirical studies show
variation in member-state enforcement and resource limitations among data-
protection agencies. Moreover, the legal notion of “meaningful explanation” remains
contested: computer scientists debate whether complex models can ever produce
human-understandable justifications. Nevertheless, by embedding procedural
safeguards into legislation, the EU has achieved a baseline of administrative
transparency absent in the United States.

5.3 Comparative Implications

The transatlantic divide illustrates two philosophies of governance. The U.S. treats
algorithms as instruments within existing administrative discretion; the EU treats
them as potential threats to fundamental rights. Consequently, the former relies on ex
post litigation, the latter on ex ante regulation. For due-process protection, the EU
model offers greater procedural security but risks bureaucratic rigidity, whereas the
U.S. model fosters innovation but tolerates opacity. Hybridization may provide the
optimal balance: risk-based oversight combined with enforceable procedural rights.
Comparative experience also underscores that fairness cannot rely solely on voluntary
ethics or technical audits; it must be anchored in enforceable legal norms.
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6 Policy and Doctrinal Reforms

Reconstructing administrative fairness under algorithmic governance requires a dual
strategy: doctrinal innovation within constitutional law and institutional reform within
administrative practice.

6.1 Doctrinal Reorientation of Due Process

Courts must reinterpret due process to account for machine decision-making.
Procedural safeguards—notice, hearing, and reasoned justification—should be
extended to algorithmic contexts through legally mandated disclosure obligations.
Individuals must receive intelligible information regarding whether an algorithm
influenced a decision, the general basis of its operation, and avenues for appeal.
Judicial doctrines should recognize algorithmic opacity as a due-process deficiency in
itself, akin to failure to provide reasons. Following Busuioc [3] and Bignami [4],
accountability should be re-conceptualized as explainability plus contestability. When
explanation is technically limited, agencies must provide compensatory oversight,
such as third-party audits or ombudsman review.

6.2 Recognition of Algorithmic Groups as Quasi-Immutable Classes

Building on Wachter’s framework [2], equality jurisprudence should acknowledge
algorithmic groupings as quasi-immutable categories. Courts could apply intermediate
scrutiny to administrative actions that differentially affect algorithmic cohorts.
Legislatures might codify a new protected-status criterion: membership in a data-
derived class exhibiting opacity, persistence, and involuntariness. This doctrinal
innovation would realign equal-protection analysis with contemporary forms of
discrimination that arise from automated inference rather than animus.

6.3 Transparency and Auditability Mandates

Legislative reform must require algorithmic impact assessments (AIAs) for all high-
stakes administrative systems. These assessments should document model purpose,
data provenance, validation metrics, and potential bias. Independent auditors—
analogous to forensic experts—should evaluate models without disclosing proprietary
details publicly, maintaining the balance between intellectual-property rights and
public accountability. Agencies should publish periodic transparency reports
summarizing algorithmic performance and detected disparities.

6.4 Human Oversight and Override Mechanisms

No automated decision affecting fundamental rights should be binding absent human
confirmation. Human-in-the-loop mechanisms must grant officials authority to
override algorithmic outputs where fairness concerns arise. Training programs should
equip administrators with literacy in algorithmic bias, interpretability limits, and data
ethics. This aligns with the EU Al Act’s requirement for human oversight and
responds to American scholarship advocating procedural humanization [9], [17].

6.5 Institutional Accountability and Regulatory Coordination

A central regulatory authority for algorithmic governance should be established to
harmonies standards across sectors. In the U.S. context, this could take the form of an
Algorithmic Accountability Commission empowered to issue binding guidelines,
conduct audits, and coordinate with existing agencies such as the FTC and EEOC.
The EU’s coordinated supervisory authorities already perform analogous functions.
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Inter-agency collaboration ensures that algorithmic fairness does not fragment across
domains of privacy, consumer protection, and civil rights.

6.6 Public Participation and Democratic Legitimacy

Procedural fairness also entails participatory legitimacy. Agencies deploying
algorithmic systems should conduct public consultations and publish explanatory
material for citizen review. Deliberative transparency not only improves trust but
supplies valuable contextual knowledge for model refinement. As Kinchin [5] argues,
re-introducing the human voice into automated processes restores the dialogic essence
of administrative justice.

6.7 Balancing Trade Secrets and Public Reason

Raza’s insight [12] that trade-secret protection can function as a barrier to
accountability must guide reform. Legislatures should craft narrowly tailored
exceptions permitting disclosure of algorithmic logic to regulators and courts under
confidentiality safeguards. This ensures that intellectual-property law complements
rather than constrains due-process guarantees. The equilibrium between proprietary
innovation and constitutional transparency will define the legitimacy of future
administrative AL

7 Conclusion

Algorithmic governance has reconfigured the administrative state. Decisions once
grounded in human deliberation are increasingly produced by models that classify,
predict, and decide without explanation. The doctrine of due process—long the
guarantor of fairness against arbitrary power—faces its most formidable test. This
article has argued that algorithmic immutability encapsulates the core challenge: Al
systems generate durable, opaque groupings that constrain individuals’ administrative
fates while evading traditional scrutiny.

Comparative analysis demonstrates that the United States and European Union
embody divergent responses to this challenge. The U.S. relies on adaptive
interpretation of existing doctrines, whereas the EU legislates ex ante safeguards
grounded in fundamental rights. Both approaches reveal strengths and vulnerabilities.
Yet the normative imperative is universal: to ensure that efficiency does not eclipse
equity, and that algorithmic precision does not erode constitutional reason.

Reconstructing administrative fairness in the age of machine judgment demands
doctrinal expansion, institutional innovation, and democratic vigilance. Recognizing
algorithmic groups as quasi-immutable, enforcing transparency through audits and
human oversight, and reconciling trade-secret protection with public accountability
are essential steps toward a constitutional framework that harmonizes technology with
justice. The legitimacy of modern governance will depend not on how efficiently it
computes, but on how fairly it decides.
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